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Fig 1. Overview of the proposed method
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A¥ N | #9 | Precision | Recall | F1 Acc
71&E 100% 40.6% | 57.8% | 40.6%
Original | 32
A gt 100% | 84.4% | 91.5% | 84.4%
71E - 0.0% | 0.0% | 0.0%
Stealth | 32
A <t 100% | 90.6% | 95.1% | 90.6%

Table 1. Benchmark Results

Table 1 HoneyBadger(7]5)¢} Aj¢t Wi =
o] &x] Aeg Wt Ai}o|t} Original ©lo]
HAGB27/MAA 71 e AdE 40.6%, Fl
57.8%° 3o, A WHES AdE
84.4%, F1 91.5%% =ZA T A5S

Y BEF A AlEe] disiAle
o] glo] A= sdatAl 100%E5 7153k
Stealth dlo]EA(327]) ol A= o
g A% "R sk g vk AdE 0%), At
2L 379 mEAd 22X AdE 90.6%,
F1 95.1%% @&ttt o= 13 7|9k &A7}t
39 Yt "] ds i &oh#| Heke wh
A, LLM 7I%k oJu &4 sfAfo] WEe sfedol =

fz
ol 32

o
-

71E Rl

RS

LLM ole]dEE REHor 39
Az x2A% A9 gAe wgon U o
e BE 5 dglon, o= 4By Ao
AAE HHT 5 e AAd
V.28 2 FF 47
BoAT A 3 N U g4 g
o @AE T 8, CFG F&% 42
Aqe Fa Az AGzEae U LLM
Aol HEF ol& sAstel HUL oI %F B
St ®A Holzeele AtaAn. due A
e A YA PFsm, s e
]

Y3t dde e 553 s fAsd
ME, g3 719 gAE 3 =E AAdW
Stealth dlo]E Al A BA& 0% 13 7]&
W3 oe] AAS 90.6%, Fl 95.1%% oA
sto] 7 mRE ASEdn FF AR AR
I FAE &ststr] gk ®A dEre] HA
sh, o] et 93 eSS 2@k dolHAl
o &4, agla A AT ¥x o=

)
o Ag 75 HES AP oA

o

t}.
[Acknowledgment]

o] =& 2026k AF(HATEAHREA

Wyl AYgoer AREAVEHP7ILe A
(RS-2025-02218141, A8t Alolw HajAla

24 7% 0 gAl g AEAhe o £
A AT

(&3]

2

[1] The Art of the Scam: Demystifying
Honeypots in Ethereum Smart
28th USENIX Security

Symposium (USENIX Security), 2019.

Contracts,

[2] Yu Han, Tiantian Ji, Zhongru Wang,

Hao Liu, Hai Jiang, Wendi Wang, and
Xiang Cui, An Adversarial Smart
Contract Honeypot in Ethereum,

Computer Modeling in Engineering &

Sciences, 2021.

[3] Mahtab Norouzi,

and Kaiwen Zhang,

Mounir Elgharabawy,
The Greed Trap:
Uncovering Intrinsic Ethereum
Honeypots through Symbolic Execution,
2023 Fifth International Conference on
Blockchain Computing and Applications

(BCCA), 2023.

[4] Haoyu Zhang, Baotong Wang, Wenhao
Shi, SCH-Hunter: A
Taint-Based Hybrid Fuzzing Framework

Fu, and Leyi

for Smart Contract Honeypots,

Information, 2025.



